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Fusion Inference Identification of Combat Targets
Based on Dynamic Bayesian Network

ZHANG Wei-hao, CHEN Huai-xin, CUI Ying, WANG Lian-liang
(Southwest China Institute of Electronic Technology, Chengdu 610036, China)

Abstract: To realize reliability identification of targets in air battlefield, integrated inference for combat target i-
dentification is proposed based on dynamic Bayesian network(DBN). Combat targets’ attribute variable and its
states are analysed, a hierarchy DBN is built for combat identification, then the way of obtaining network param-
eters is discussed. Uncertain dynamic reasoning is made based on Joint Tree algorithm of time slice and decision
of targets” attribute is made dynamically. Simulation study gives targets’ multi — hierarchy attribute and shows
that the proposed method is effective.
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Fig.1 Example frame of dynamic Bayesian network
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Table 3 Measured information at different moment
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%6 (0.85,0.15,0) (0.6,0.2,0.2)  (0.05,0.95)
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Table 3 measured information at different moment
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(AT1.AT2,AT3)  (T1,13,T4)  (AT1.AT2.AT3)  (T1,13,T4)
Bz 1 (0.75,0.1,0.15) (0.65,0.15,0.2)  (0.7,0.1,0.2)  (0.5,0.3,0.2)
mZ2  (0.7,0.1,02)  (0.503,02  (0.7,0.1,0.2)  (0.6,0.1,0.3)
WZ3  (0.7,0,0.3)  (0.5,0.2,0.25)  (0.7,0,0.3)  (0.55,0.2,0.25)
w4 (0.8,0,0.2) (0.7,0,0.3) (0.8,0,0.2) (0.7,0.1,0.2)
W5 (0.85,0,0.15)  (0.65,0.1,0.25)  (0.85,0,0.15)  (0.65,0.1,0.25)
w6 (0.9,0,0.1)  (0.6,0.25,0.15) (0.85,0.05,0.1) (0.6,0.15,0.25)
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Fig.3 Target identification results of different moment
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